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ABSTRACT

According to the world record, Thailand holds one of the highest car accident rates.
The reason being that people are more reckless with their driving behavior and drunk driving
include not following a traffic law. Causing unsafe driving without the driver knowing it which
these actions might not affect the driver every time make the driver undergo careless driving
behavior resulting in a fine for traffic violations or accidents, which is why the developers are
interested in Applying Dash Cam for Traffic Sign Recognition and Warning System to improve
the dash camera furthermore with traffic sigsn detection and added sound such as “DO NOT
U-TURN” to tell car drivers the importance of the traffic sign, the author has therefore
presented Applying Dash Cam for Traffic Sign Recognition and Warning System helps the driver

discipline in driving cars to prevent fines, including reducing the problem of accidents.

Keywords: dash cam, traffic sign, recognition, warning system, driving behavior
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